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Inhibitory control training effects on behaviour (e.g. ‘healthier’
food choices) can be driven by changes in affective evaluations
of trained stimuli, and theoretical models indicate that changes
in action tendencies may be a complementary mechanism. In
this preregistered study, we investigated the effects of food-
specific go/no-go training on action tendencies, liking and
impulsive choices in healthy participants. In the training task,
energy-dense foods were assigned to one of three conditions:
100% inhibition (no-go), 0% inhibition (go) or 50% inhibition
(control). Automatic action tendencies and liking were
measured pre- and post-training for each condition. We found
that training did not lead to changes in approach bias towards
trained foods (go and no-go relative to control), but we
warrant caution in interpreting this finding as there are
important limitations to consider for the employed approach–
avoidance task. There was only anecdotal evidence for an
effect on food liking, but there was evidence for contingency
learning during training, and participants were on average less
likely to choose a no-go food compared to a control food after
training. We discuss these findings from both a methodological
and theoretical standpoint and propose that the mechanisms of
action behind training effects be investigated further.
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1. Introduction
The recent rise in overweight and obesity rates can primarily be attributed to the over-consumption of
energy-dense foods that are high in fat, sugar and/or salt content [1]. One theoretical explanation for
overeating has been provided by dual-process models, such as the reflective–impulsive model, which
argues that behaviour is determined by the interaction of impulsive (automatic) and reflective
(controlled) processes [2,3]. Specifically, over-consumption of energy-dense foods can be ascribed to
heightened automatic biases for such foods, which can result in increased food intake if these
automatic tendencies are not regulated via controlled processes [4]. For example, constant exposure to
energy-dense foods in the environment can induce approach bias, or cravings, towards those foods
and lead to over-consumption in individuals with limited self-control (trait or state), even when this
behaviour is incompatible with health-related goals [5,6].

Theoretical frameworks, such as the reflective–impulsive model, have led to the development of
behaviour change interventions for ‘unhealthy’ eating behaviours (e.g. overeating). These interventions
are designed to target automatic and/or controlled processing, such as approach bias modification
and inhibitory control training (ICT) [7,8]. One type of behaviour change interventions that has
demonstrated recent success is food-specific ICT. Training has been shown to have therapeutic
potential for reducing over-consumption of energy-dense foods and recent meta-analyses have cited
small–medium effects when compared with control training [9,10]. Inhibitory control can broadly be
defined as an individual’s ability to inhibit impulses that are not compatible with long-term goals,
such as losing weight [11]. The ability to inhibit such responses has been negatively associated with
‘unhealthy’ eating behaviours [12–15]. For example, Nederkoorn et al. [15] showed that strong implicit
preferences for snacks paired with low ‘inhibitory control capacity’ predicted weight gain over 1 year.

ICT interventions have subsequently been used in an attempt to improve inhibitory ability and
behaviourally related outcomes. Such interventions most commonly employ the go/no-go task [16,17]
and stop–signal task [18,19], in which individuals are trained to inhibit motor responses when a cue is
presented. In food-related ICT interventions, participants are instructed to make a speeded response
to food stimuli (go/no-signal trial), but to withhold that response when a signal, or cue, is presented
(stop/signal, trial). Stimulus–response mappings can be manipulated so that appetitive stimuli (e.g.
energy-dense foods) are consistently paired with a stop signal, thus training an individual’s ability to
stop to these stimuli. These training tasks have been shown to reduce food consumption [20–24] and
promote healthy food choices in the laboratory [25,26]. ICT protocols have even been associated with
increased weight loss [27,28].

Although in both ICT paradigms, participants are required to inhibit responses towards target
stimuli, the type of response inhibition that may be required is not necessarily the same. In go/no-go
training, participants are presented with a cue/signal on 50% of the trials with zero-to-little delay,
while in stop–signal training tasks, the signal is only shown on a minority of trials and its onset is
delayed to maintain task difficulty (see [29] for comparison). Although go/no-go training may not
necessarily tap into ‘inhibitory control’1 as a top-down process, meta-analyses have shown that
compared to stop–signal training, it is more effective in changing eating-related behaviour [9,10].

There have been several suggested mechanisms of action behind ICT effects on behaviour, including
the strengthening of food-specific inhibitory control and the reduction of motivational bias (incentive
salience) for specific foods via a modulation of dopamine signalling in the brain’s reward pathways
[29,31,32]. It has also been observed that ICT can lead to changes in the hedonic value of foods,
whereby appetitive foods are rated as less attractive and/or tasty after training (e.g. [25,27,33]). The
devaluation of foods can in turn be explained by several, potentially interacting, mechanisms [29].

A prominent explanation was provided by the behaviour stimulus interaction (BSI) theory which
posits that food stimuli are devalued when negative affect is induced to resolve the ongoing conflict
between triggered approach reactions and the need to inhibit responses towards appetitive foods
[33,34]. It was proposed that the no-go devaluation effect would occur only for positive/appetitive
stimuli [33,34], but contradicting findings to this assumption have also been reported [35]. Studies
have also provided evidence for a go valuation effect, whereby stimuli associated with go responses are
evaluated more positively after training [33,36].
1We use the term ‘inhibitory control training’ throughout this manuscript to refer to both paradigms that are commonly reported as
such in the literature, but we acknowledge that there is not enough evidence to suggest that go/no-go training taps into top-down
inhibitory control mechanisms (e.g. automatic or controlled inhibition; see [30]).
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Theoretically, the effects of ICT could also be explained by hard-wired neural connections between
Pavlovian appetitive/aversive centres and go/no-go responses, respectively [37–39]. When a stimulus
is consistently paired with a stop cue during training, a stimulus–stop association can be formed via
associative learning [30]. This stop-associated stimulus can become devalued via a mutually
facilitatory connection between a ‘stop system’ and the aversive system (increased avoidance).
Similarly, the value of a stimulus consistently paired with go responses can be increased via the
interaction between the ‘go system’ and the appetitive centre [40–42].

Explanatory accounts of ICT effects can, therefore, provide a theoretical ground for further
investigation of automatic action tendencies towards appetitive stimuli after training. The BSI theory
suggests that approach bias is reduced via devaluation during training to facilitate response inhibition.
Similarly, in an associative stop system, go and stop responses/goals are directly linked to appetitive
and aversive centres. Other accounts also support this expectation, as modulating the anticipated
reward value of foods at a neural level could potentially lead to reduced approach bias for these
foods [31]. Accordingly, one could assume that training does not only have an effect on the affective
evaluation of trained foods, but also on the motivational, or reward, value of these foods and the
individuals’ tendencies to approach them for consumption.

Action tendencies are typically measured in an approach–avoidance task (AAT) by comparing
individuals’ reaction times to approach versus avoid a stimulus [43,44]. The AAT is assumed to
capture automatic action tendencies when participants are instructed to respond to a task-irrelevant
feature such as the orientation (portrait or landscape) of the presented picture, by pulling or pushing
a joystick [45]. An approach bias can, therefore, be defined as the tendency to be faster at approaching
a stimulus rather than avoiding it [45] and has been demonstrated for a variety of energy-dense foods
in both obese and healthy-weight individuals [46–50]. Previous studies have used different methods
for inferring food approach bias, such as the stimulus response compatibility (SRC) manikin task (e.g.
[46,50]) and variants of the implicit association test (e.g. [47,48]), but there is some evidence to
suggest that the AAT can capture food-related automatic action tendencies [51,52].

Although training has been shown to influence go/stop associations for food stimuli in terms of
motor effort (e.g. [50–52]; see also [22]), to our knowledge, the effects of ICT interventions on
approach bias for foods as measured by the AAT have not yet been investigated and this question has
implications for both theoretical explanations of training outcomes and applied research in the context
of eating behaviours. The current study attempts to answer this question by measuring the effects of
go/no-go training on automatic action tendencies. A go/no-go task was used in which energy-dense
foods were randomly assigned to one of three conditions. In the go condition, foods were consistently
paired with a go response; in the no-go condition, foods were consistently paired with a no-go
response; in the control condition, foods were inconsistently paired with go and no-go responses (50 :
50 mapping). Approach–avoid responses were recorded for each of these food conditions before and
after training. Our primary hypothesis was that individuals would show reduced approach bias for
no-go foods (H1a) and/or increased approach bias for go foods (H1b).

Consistent with previous literature, we included measures of impulsive food choice and food liking
to investigate training effects on behaviour and food evaluation. It was expected that participants would
show reduced choices for no-go foods (H2a) and increased choices for go foods, relative to control foods
(H2b). It was also hypothesized that after training, the evaluations of no-go foods would be reduced
compared to control foods (H3a—manipulation check), whereas the evaluations of go foods would be
increased (H3b). As a manipulation check, we investigated contingency learning during training by
exploring both error rates (H4a) and reaction times (H4b; e.g. [27]). All methods, confirmatory
hypotheses and respective statistical tests (table 1) were preregistered (https://osf.io/wav8p/) as part
of the GW4 Undergraduate Psychology Consortium which aims to promote collaborative and
reproducible science for undergraduate students [53].
2. Material and methods
2.1. Participants
A total of 255 participants were recruited from the University campuses of Cardiff, Bath and Exeter via
research participation schemes (e.g. Experimental Management system; EMS), advertisements and
personal communication (see figure 2 for details). Participants recruited through participation schemes
received course credits, whereas other individuals were offered entry into a prize draw for one of

https://osf.io/wav8p/
https://osf.io/wav8p/


Table 1. Preregistered hypotheses and respective Bayesian paired samples t-tests. ΔAAT, change in approach–avoidance bias
scores from pre- to post-training (ms) for go (ΔAATgo), no-go (ΔAATnogo) and control foods (ΔAATcontrol); p, probability of
choosing a go, no-go or control food; ΔLiking, change in liking from pre- to post-training for go (ΔLikinggo), no-go
(ΔLikingnogo) and control foods (ΔLikingcontrol); PCstop, proportion of correct responses on signal trials (i.e. stops) for no-go
(PCstopnogo) and control foods that appear on signal trials (PCstopcontrol), GoRT, correct go reaction time on no-signal trials for go
(GoRTgo) and control foods presented on no-signal trials (GoRTcontrol).

preregistered hypothesis directional t-test

H1. Training effects on automatic action tendencies

H1a participants would show a reduction in approach bias for no-go foods compared

to the control foods, from pre- to post-training

ΔAATnogo < ΔAATcontrol

H1b participants would show increased approach bias for go foods compared to the

control foods, from pre- to post-training

ΔAATgo > ΔAATcontrol

H2. Training effects on impulsive food choices

H2a the probability of choosing a no-go food would be lower than the probability of

choosing a control food

p(no-go) < p(control)

H2b the probability of choosing a go food would be higher than the probability of

choosing a control food

p(go) > p(control)

H3. Training effects on food evaluations

H3a. participants would show reduced liking for no-go foods relative to the control

foods, from pre- to post-training

ΔLikingnogo < ΔLikingcontrol

H3b. participants would show increased liking for go foods relative to the control

foods, from pre- to post-training

ΔLikinggo > ΔLikingcontrol

H4. Contingency learning during training

H4a. the proportion of correct responses on signal trials would be greater for no-go

foods compared to the control foods associated with a signal

PCstopnogo > PCstopcontrol

H4b. go reaction times would be faster for go foods compared to the control foods

presented on no-signal trials

GoRTgo < GoRTcontrol
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three £20 shopping vouchers. A small proportion of participants who were recruited via personal
communication completed the study outside laboratory settings (online). All participants were asked
to refrain from eating for 3 h before the study. Participants had to be at least 18 years of age, be fluent
in spoken and written English and have normal or corrected-to-normal vision, including normal
colour vision. Participants were excluded if they were dieting at the time of the study, with a weight
goal and timeframe in mind, if they had a current and/or past diagnosis of any eating disorder(s) or
they had a body mass index (BMI) lower than 18.5 kg m−2 (i.e. underweight category). The study was
approved by the Ethics Committees of Cardiff University, University of Bath and University of Exeter.
2.2. Sampling plan
The required sample size was estimated based on a frequentist power analysis conducted for the primary
outcome measure (i.e. change in approach–avoidance bias, from pre- to post-training, between go and
no-go foods; H1a and H1b) and the stimulus devaluation manipulation check (i.e. change in food
liking, from pre- to post-training, between go and no-go foods; H3). Both of these effect sizes were in
the medium range and, therefore, calculations were based on the primary outcome measure (see
electronic supplementary material, figure S1 for details). Based on a priori power calculations using
G�Power [54], it was estimated that a total sample of 149 participants were necessary for 90% power
(α = 0.005, as recommended by Benjamin et al. [55]). Note that although the sampling plan was based
on a conservative frequentist power analysis, the preregistered analyses followed a Bayesian
framework and frequentist statistics are only reported in a supplementary manner. Bayes factor



(a) (b)

(c)

screening and consent

initial questionnaire

- block of 36 trials

go/no-go
training:

- 6 blocks in total

- go, no-go and
  control foods

post-training AAT

tim
e

post-training food
ratings

food choice task

questionnaires

pre-training phase
training phase

post-training phase

pre-training food
ratings

(liking and cravings)
MaxRT 1250 ms no response

C and M keys
for left and right

C M

self-timed start portrait format
pull action initiated

landscape format
push action initiated

ITI (500 ms)zoom-in effect
MaxRT 1500 ms

response-format
assignments are
counterbalanced

zoom-out effect

signal (100%)no-signal (100%) no-signal (50%) signal (50%)

go (no-signal) trial

go foods

approach trial

avoid trial

no-go foods control (filler) foods

ITI (1250 ms) no-go (signal) trial

Figure 1. Schematic diagram of the study procedure, go/no-go training and approach–avoidance tasks. (a) After completing the
screening and initial survey, participants rated all food stimuli (liking) and proceeded to perform the pre-training AAT blocks. In the
training phase, participants completed six blocks of go/no-go training. The post-training AAT blocks were then presented and
followed by food liking ratings. At the end of the study, participants completed a food choice task and several questionnaires,
in random order. (b) The go/no-go training paradigm involved go (no-signal) and no-go (signal) trials that occurred with
equal probability. On go trials, participants had to respond within 1250 ms by pressing the ‘C’ and ‘M’ keys to indicate the
picture location (left or right, respectively). On no-go trials, participants were instructed not to respond at all. The inter-trial
interval (ITI) was 1250 ms. Food categories were randomly assigned to three conditions. Go foods were only paired with no-
signal trials and no-go foods were always associated with signal trials. Control foods were presented in both signal and no-
signal trials (50 : 50). (c) In the AAT, participants were asked to respond according to the format of the presented picture
(portrait or landscape). Response-format assignments were approximately counterbalanced across participants. As an example,
on approach trials, a participant would have to pull the mouse towards them when the picture was in the portrait format
(approach trial) and push it away from them when the picture was in the landscape format (avoid trial). Push and pull
actions were paired with visual feedback, that is, zoom-out and zoom-in effects, respectively. The maximum reaction time
(maxRT) was 1500 ms and the ITI was set to 500 ms. Participants clicked on a central ‘X’ to begin a trial (self-timed start).
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analyses were favoured for drawing conclusions from the study, as they would allow us to interpret null
outcomes as evidence of absence when traditional analyses would preclude such inferences.

2.3. Procedure
An overview of the study procedure is presented in figure 1a. After screening, eligible participants were
provided with a short survey to record various sample characteristics (see Survey and questionnaires) and
proceeded to rate all food categories on how much they like the taste (see Food liking ratings). Three blocks
of the AAT (see Approach–avoidance task) were completed before the go/no-go training paradigm was
performed (see Go/no-go training). Rated food categories were randomly assigned to three conditions
for training: go, no-go and control, as shown in figure 1b. Post-training, participants were presented
with another three blocks of the AAT, provided ratings for all food stimuli again and finally
completed a short food choice task (see Food choice task). At the end of the study, several
questionnaires were presented in random order and participants were debriefed about the aims of the
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study. All study components were programmed using Inquisit Lab [56] and run online across data
collection sites via Inquisit Web.

2.4. Go/no-go training
The Go/no-go training (GNG) paradigm involved go and no-go responses to six pre-selected energy-
dense food categories. Food categories differed in terms of taste, so that three foods were savoury (i.e.
pizza, crisps, chips) and three foods were sweet (i.e. biscuits, chocolate, cake). Two food categories
were randomly assigned to each training condition (go, no-go, control foods) in the beginning of the
experiment and food taste was counterbalanced so that each condition had one sweet and one
savoury food. There were three training conditions according to the mapping of foods to signal (no-
go) and no-signal (go) trials in the GNG. All go foods appeared in go (no-signal) trials and all no-go
foods were presented in no-go (signal) trials (figure 1b). Control, or filler, foods appeared on both go
and no-go trials with equal probability (50 : 50). Each food category had three exemplars which
appeared twice in each block.

All foods were presented on either the left or right side of the screen within a rectangle for 1250 ms, which
was the maximum reaction time (maxRT), as shown in figure 1b. Participants were asked to respond to the
location of the food as quickly and as accurately as possible by pressing the ‘C’ and ‘M’ buttons on the
keyboard with their left and right index fingers, respectively. The central rectangle remained on the screen
throughout the training, including the inter-trial interval (ITI), which was 1250 ms. On signal trials, the
rectangle turned bold, indicating that participants should withhold their response. This signal appeared on
stimulus onset (i.e. no delay between stimulus and signal) and stayed on the screen until the end of the
trial. A correct response on go (no-signal) trials was registered when participants responded accurately to
the location of the food within the maxRT window and a successful stop (i.e. correct no-go trial) was
considered when participants did not respond at all. Incorrect responses on go trials refer to either a wrong
location judgement or a missed response. Left and right responses were counterbalanced across all
manipulated variables for each type of trial. Training was split into six blocks of 36 trials (216 trials in total)
and lasted approximately 10 min with inter-block breaks (15 s). Task practice included 12 trials of go and
no-go responses (50 : 50) and participants responded to the location of grey squares, instead of food
pictures. For the practice trials, accuracy feedback was provided during the ITI.

2.5. Approach–avoidance task
The AAT was adapted from an existent paradigm [43,44], which involves ‘pull’ (i.e. towards self ) and
‘push’ (i.e. away from self ) movements of a joystick. Each type of motor response is paired with
visual feedback so that when the joystick is pulled, the image gets bigger (zoom-in) and when it is
pushed, the image gets smaller (zoom-out). This ‘zooming’ feature acts as an exteroceptive cue of
either an approach or avoidance response [57] and complements the proprioceptive properties of the
task, where responses requiring arm flexion and extension correspond to approach and avoidance
trials, respectively [44]. The evaluation-irrelevant feature of the paradigm was also incorporated, and
participants responded according to the format of the picture [52].

For the current task, AAT responses involved ‘push’ and ‘pull’ movements of the computer mouse
(adaptation of the joystick version). Food stimuli were presented in the centre of the screen and
participants were instructed to pull the mouse towards them or push the mouse away from them
according to whether the image was in portrait or landscape format (figure 1c). Response-format
assignments were approximately counterbalanced across participants (45.4% portrait-approach, 54.6%
landscape-approach). Instructions highlighted moving the mouse cursor until it reaches the end of the
screen (top or bottom edge) for a correct response to be registered and making smooth whole-arm
movements. Participants had 1500 ms to respond after the stimulus appeared. Each trial started with a
central ‘X’ on the screen and participants had to click on it to begin (self-timed start). The ITI was
500 ms and there was no delay between the ‘X’ click response and the stimulus onset.

Each AAT block consisted of 72 trials and go, no-go and control foods appeared with equal
probability for both ‘pull’ (approach) and ‘push’ (avoid) responses. There were 12 approach and 12
avoid trials for each training condition (e.g. no-go) and within those trials, there were six savoury and
six sweet foods presented (i.e. three exemplars repeated twice). Three AAT blocks were performed
before training (AATpre) and three after training (AATpost). Two constraints were placed on the quasi-
random order of the trials within an AAT block (cf. [42]). There were no more than three images of
the same food category being presented consecutively and no more than three trials with the same
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picture format in sequence. AAT practice consisted of 10 trials with grey rectangles instead of food stimuli
and accuracy feedback. The screen background for the AAT was black and the task lasted approximately
15 min, including the inter-block 15 s breaks, where participants received a reminder of the main
instructions.

2.6. Food liking ratings
Participants provided food liking ratings (cf. [27]) before and after training using a visual analogue scale
(VAS). They rated all foods included in the GNG paradigm according to how much they liked the taste
(How much do you like the taste of this food?), ranging from 0 (not at all) to 100 (very much). Task
instructions encouraged participants to imagine they were tasting the food in their mouth and then
rate how much they liked the taste [58]. The cursor position was initially set to 50 for each food. The
order of the presented foods was randomized and each block consisted of 18 trials.

2.7. Food choice task
Impulsive food choices were assessed using a food choice task adapted from Veling et al. [25], which
included all food categories from the GNG paradigm (two exemplars per category). The 12 foods
were presented on a grid layout, in a random order, and participants had 10 s to select three foods
that they would like to consume the most at that specific time, by clicking on them with the computer
mouse. Participants were asked to click on a ‘start’ button to begin the trial and when a response was
registered, the selected food stimulus disappeared from the screen. This task element was introduced
to prevent participants from deliberating on their choices and changing their initial responses, which
could mean that impulsive food choices were no longer measured. Task instructions did not mention
whether the nature of their choices would be consequential or hypothetical (i.e. whether they would
get a food item at the end of the study or not).

2.8. Survey and questionnaires
Eligible participants were presented with an initial survey to record demographics and other variables
for exploratory analyses. The survey consisted of self-reported height and weight measurements to
calculate a participant’s BMI (kg m−2), gender, the number of hours since their last meal (‘less than 3 h
ago’, ‘3–5 h ago’, ‘5–10 h ago’, ‘more than 10 h ago’) and hunger at the time of the study (Likert;
1 = ‘Not at all’ to 9 = ‘Very’). Several questionnaires were completed by the participants at the end of
the study for exploratory analyses, as part of the undergraduate student projects of the GW4
Undergraduate Psychology Consortium 2017/2018 (see electronic supplementary material, figure S2).
3. Analyses
3.1. Measures and indices
Performance in the AAT blocks was considered only for correct responses. The median RTs for ‘push’ and
‘pull’ responses from all training condition levels were calculated for each participant. Medians were
used instead of means as they are less sensitive to outliers in RT distributions (also see [44,59]). The
approach–avoidance bias score for each condition was calculated as the difference between the median
completion RTs (see electronic supplementary material, figure S3) for ‘push’ and’ pull’ responses
(MedianRTpush−MedianRTpull). Bias scores were computed for both AATpre and AATpost blocks.
Positive scores indicate an approach bias towards the foods of interest and negative scores reflect
avoidance for those foods. Change scores for approach–avoid biases from pre- to post-training (ΔAAT)
were calculated for preregistered analyses (H1—table 1).

In the food choice task, participants were required to choose three foods out of 12 and selections
could vary in their number for each training condition (go, no-go, control). Food choices were,
therefore, normalized according to the total number of responses per participant (i.e. proportion) and
compared across training conditions (H2). Food liking scores were averaged (mean) across the two
foods per training condition (i.e. sweet and savoury foods for go, no-go and control conditions) and
the three exemplars of each food. Changes in food liking from pre- to post-training (ΔLiking) were
compared for preregistered analyses (H3). Pre-training scores were subtracted from post-training
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scores and negative values represent a reduction in liking. All preregistered data exclusions can be found
in the electronic supplementary material, figure S4.

3.2. Preregistered analyses
Data pre-processing and analyses were conducted in R [60] via RStudio [61] and JASP [62]. Preregistered
analyses are described under their pre-specified hypotheses in table 1. For all Bayesian paired samples
t-tests mentioned hereinafter, a prior with the

ffiffiffi

2
p

=2 scale parameter for the half-Cauchy distribution
was used. The evidential value of confirmatory findings was solely determined by the Bayesian tests
outlined in this section and we followed the guidelines by Lee & Wagenmakers [63] for BF grades of
evidence (BF10≥ 3 would indicate moderate evidence for the alternative hypothesis, while BF10≤ 1/3
would indicate moderate evidence for the null). Frequentist tests were conducted in order to further
the reproducibility of findings (e.g. potential use in meta-analyses). Paired samples t-tests were two-
tailed,2 in line with the reported power analysis. Note that supplementary analyses were conducted
for our preregistered tests regarding training effects (H1–H3) with an adjusted prior distribution that
was more compatible with the expected effect size of interest (dz = 0.34; see electronic supplementary
material, figure S1 for details). The results from these supplementary analyses were overall consistent
with our preregistered analyses (see electronic supplementary material, figure S6).

3.3. Deviations from preregistration
We report two minor, non-consequential, deviations to the preregistered analysis plan concerning
repeated-measures ANOVAs for H1 and H3 and associated Bonferroni corrections for frequentist t-
tests following the ANOVAs. The evidence for the distinct hypotheses about the data would be
provided by two planned directional t-tests (H1a, H1b and H3a, H3b) and the ANOVAs were not
required. The approach of conducting ANOVAs and ‘post hoc’ comparisons with the Bonferroni
corrections was only added for frequentist analyses as part of the students’ dissertations. These
deviations do not affect the reported results or their interpretation.
4. Results
4.1. Sample characteristics
After exclusions (figure 2), the final sample consisted of 163 participants3 (80.98% female). Participants’
average BMI was in the ‘healthy-weight’ range (M = 22.88, s.d. = 2.98, range = 18.54−32.36) and their
mean age was 22.39 (s.d. = 9.04, range = 18−59). A total of 108 participants (66.26%) reported that they had
their last meal 3–5 h before the study, while 24 participants (14.72%) did not adhere to the instruction not
to eat 3 h before. As expected, hunger levels were not particularly high (M = 5.70, s.d. = 2.22). Participant’s
scores on several questionnaires can be found in electronic supplementary material, table S1.

4.2. Findings from confirmatory analyses

4.2.1. Training effects on automatic action tendencies

Approach–avoidance bias scores pre- and post-training across conditions have been visualized using
rainclouds [64,65] in figure 3 and all results for paired comparisons are shown in table 2. There was
moderate evidence that the change in bias scores for no-go foods (ΔAATnogo; M =−3.31, s.d. = 62.91) was
not reduced compared to the change for control foods (ΔAATcontrol; M =−1.81, s.d. = 59.55). Similar to
H1a, there was strong evidence for the null compared to the alternative for H1b. The change in bias
scores for go foods (ΔAATgo; M =−10.47, s.d. = 59.57) was not greater than the change for control foods.
2Contingency plans were not considered in case the normality assumption was violated for paired t-tests (Shapiro–Wilk test: p≤ 0.005),
but appropriate exploratory analyses were conducted and reported in the Results section.
3As part of our data collection procedure, the data were inspected for exclusions after several group testing sessions (n > 100) in order to
check the number of participants, we would need to recruit to meet our target sample size (n = 149). For the majority of the sessions, we
had an unexpected rate of exclusions, but towards the end of data collection, the number of participants that were not excluded due to
low accuracy in the AAT was greater than anticipated. Due to the nature of the data collection setting (i.e. group slots), this resulted in
the final sample size exceeding the initial target by 14 participants.



recruitment

analysis

Cardiff University: N = 92

- % errors in signal trials >3
  s.d.s from group mean (N = 6)

- % correct responses in
  no-signal trials <85% (N = 6)

- % errors in AAT blocks (pre-
  or post-training) >25% (N = 50)

University of Bath: N = 19

University of Bath: N = 34

University of Exeter: N = 18

University of Exeter: N = 25

assessed for eligibility
(N = 255)

laboratory sample  (N = 217)

online sample  (N = 38)

participated in the study (N = 221)

data for pre-processing
(N = 220)

final sample for analysis (N = 163)

data exclusions:

laboratory sample (N = 129)

online sample (N = 34)

excluded after
screening (N = 34)

Cardiff University: N = 158

incomplete data
(N = 1)

Figure 2. Flow diagram of recruitment and participant-level data exclusions. There were 255 individuals recruited and assessed for eligibility
across laboratory sites and online via personal communication. Thirty-four participants were excluded after screening for not meeting the
advertised inclusion/exclusion criteria and datasets were obtained from 221 participants. The online sample was recruited by the
University of Bath and University of Exeter. One participant was excluded for providing incomplete data and 220 datasets were submitted
for pre-processing and inspection. First, we examined performance in the go/no-go training task. There were no participants with a mean
reaction time on no-signal trials (GoRT) greater than 3 s.d. from the group mean and there were no cases of consistently missed (i.e.
default option of 50) responses on food rating trials. Six participants had a percentage of errors in signal trials that was greater than
3 s.d. from the group mean and six participants also had a percentage of correct responses in no-signal trials lower than 85%. Note that
some participants met more than one exclusion criterion. Performance in the AAT was inspected and 50 participants were excluded as
their percentage of errors in either the pre- or post-training blocks was greater than 25%. The final sample consisted of 163 participants.

royalsocietypublishing.org/journal/rsos
R.Soc.Open

Sci.8:210666
9

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

16
 M

ay
 2

02
2 
4.2.2. Training effects on impulsive food choices

The effect of training on impulsive food choices was examined for no-go and go foods compared to
control foods, as stated in H2a and H2b, respectively. One participant did not complete the food
choice task. There was extreme evidence that the probability of choosing a no-go food (M = 0.21, s.d. =
0.27) was lower than the probability of choosing a control food (M = 0.36, s.d. = 0.31) after training
(table 2). There was only anecdotal evidence that the probability of choosing a go food (M = 0.44, s.d. =
0.33) was not higher than the probability of choosing a control food.
4.2.3. Training effects on food liking

As a first manipulation check and secondary training outcome, it was investigated whether GNG changed
the evaluations of no-go foods during training compared to the evaluations of control foods (figure 4). The
change in liking scores from pre- to post-training for no-go foods (ΔLikingnogo; M =−4.16; s.d. = 9.51) was
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Figure 3. Raincloud plot of the approach–avoidance bias scores pre- and post-training across training conditions. There were no
differences between the sample mean changes in approach–avoidance bias scores for no-go and go foods compared to control
foods, as shown by the dotted lines. At a closer inspection, individual bias scores do not seem to be clustered around the
positive end of the distribution as it would be expected for appetitive energy-dense foods, but actually show less dispersion
around zero. Exploratory analyses confirmed that baseline bias scores for go, no-go and control foods did not statistically
deviate from zero (see Baseline approach bias scores). The ‘split-half violin’ elements in the plot show smoothed distributions
and boxplot vertical lines represent the range, excluding outliers based on IQR. Square boxes have been added to depict the
sample means, connected with dotted lines across training conditions.
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slightly reduced compared to change in liking for control foods (ΔLikingcontrol; M =−2.61, s.d. = 8.77), and
there was only anecdotal evidence for this effect (H3a; table 2). The change in liking scores from pre- to post-
training for go foods (ΔLikinggo; M =−2.87, s.d. = 10.15) was not greater than the change for control foods.
Instead, there was strong evidence for the null hypothesis compared to the alternative (H3b).

4.2.4. Contingency learning during training

In order to validate whether the implemented GNG paradigm led to stimulus–response associations (i.e.
contingency learning manipulation check), we tested whether the percentage of correct responses for no-
go foods (i.e. successful inhibitions) would be greater compared to the percentage of correct responses for
control foods associated with signal trials (H4a). There was extreme evidence that participants had on
average a higher proportion of successful inhibitions for no-go foods (PCstopnogo; M = 0.97, s.d. = 0.03)
than control foods (PCstopcontrol; M = 0.96, s.d. = 0.04). For H4b, it was examined whether mean
reaction times would be reduced for go foods (GoRTgo; M = 507.00, s.d. = 70.48) compared to control
foods associated with no-signal trials (GoRTcontrol; M = 515.00, s.d. = 75.51) and there was extreme
evidence for such an effect. Therefore, contingency learning was observed in the employed GNG
paradigm for both reaction time and accuracy outcomes.

4.3. Findings from exploratory analyses

4.3.1. Baseline approach bias scores

Performance in the AAT was inspected further to check if an approach bias for foods was present and
whether error rates differed across conditions at baseline (see electronic supplementary material,
figure S5 for AAT accuracy analysis). Although the sample means for AAT bias scores were negative
for all foods (go foods: M =−2.32, s.d. = 58.14; no-go foods: M =−4.75, s.d. = 60.58; control foods:
M =−4.48, s.d. = 52.25), individual data points show less dispersion close to zero (figure 3), suggesting
that, on average, participants did not have any approach bias towards the foods, as measured by the
AAT in this study.
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Figure 4. Raincloud plot of the mean liking ratings pre- and post-training across training conditions. Liking ratings were registered
on a VAS ranging from 0 to 100. There appears to be a general trend of devaluation across training conditions which could be
attributed to regression to the mean (but see Discussion), although the plot shows that on average, participants did not like
the taste of the foods ‘very much’ (e.g. greater than 80). Given that the foods were not selected based on participants’ ratings
and we used a fixed set of stimuli, we consider that they were adequately appetitive. The ‘split-half violin’ elements in the
plot show smoothed and trimmed distributions and boxplot vertical lines represent the range, excluding outliers based on the
IQR. Square boxes have been added to depict the sample means, connected with dotted lines across training conditions.

Table 2. Results for all confirmatory hypotheses and respective statistical tests. Evidence is interpreted for the alternative
hypothesis (H1) compared to the null (H0) and vice versa (see §4.2 for guidelines). The effect size is represented by Cohen’s d.
ΔAAT, change in approach–avoidance bias scores from pre- to post-training (ms) for go, no-go and control foods; p, probability
of choosing a go, no-go or control food; ΔLiking, change in liking from pre- to post-training for go, no-go and control foods;
PCstop, proportion of correct responses on signal trials (i.e. stops) for no-go and control foods that appear on signal trials; GoRT,
correct go reaction time on no-signal trials for go and control foods presented on no-signal trials.

hypothesis BF10 t d.f. p-value d 95% CI for d interpretation

H1a. ΔAATnogo < ΔAATcontrol 0.11 −0.25 162 0.805 −0.02 [−0.17, 0.13] moderate evidence

for H0

H1b. ΔAATgo > ΔAATcontrol 0.04 −1.35 162 0.179 −0.11 [−0.26, 0.05] strong evidence

for H0

H2a. p(no-go) < p(control) 247.78 −3.93 161 <0.001 −0.31 [−0.47, −0.15] extreme evidence

for H1

H2b. p(go) > p(control) 0.85 1.82 161 0.070 0.14 [−0.01, 0.30] anecdotal evidence

for H0

H3a. ΔLikingnogo < ΔLikingcontrol 2.65 −2.38 162 0.019 −0.19 [−0.34, −0.03] anecdotal evidence

for H1

H3b. ΔLikinggo > ΔLikingcontrol 0.07 −0.37 162 0.715 −0.03 [−0.18, 0.13] strong evidence

for H0

H4a. PCstopnogo > PCstopcontrol 140.25 3.77 162 <0.001 0.30 [0.14, 0.45] extreme evidence

for H1

H4b. GoRTgo < GoRTcontrol 3973.21 −4.66 162 <0.001 −0.37 [−0.52, −0.21] extreme evidence

for H1
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This assumption was tested by examining whether baseline bias scores statistically deviated from
zero using Bayesian one-sample t-tests with the default prior settings for the two-sided alternative
hypothesis that the population mean was not equal to the test value (≠0). We found moderate evidence
that participants’ bias scores (across all foods; M =−2.77, s.d. = 44.71) at baseline did not deviate from
zero [BF01 = 8.43; t(162) =−0.79, p = 0.430, d =−0.06, 95% CI for d =−0.22, 0.09].

As bias scores calculated from completion times may be ‘contaminated’ by motor demands in this
version of the AAT, which requires computer mouse movements and arm flexion/extension, it is
possible that initiation times may be more sensitive to capturing automatic action tendencies.
Movement initiation was registered when participants had moved their mouse cursor since starting a
trial (see electronic supplementary material, figure S3 for details). Therefore, the one-sample t-test was
also conducted for baseline bias scores calculated using median initiation times, instead of median
completion times. Consistent with the results presented above, there was moderate evidence
that baseline bias scores (M =−2.33, s.d. = 35.56) did not deviate from zero [BF01 = 8.13; t(162) =−0.84,
p = 0.404, d =−0.07, 95% CI for d =−0.22, 0.09].
Soc.Open
Sci.8:210666
4.3.2. Reliability of bias scores

Evidence for the absence of baseline approach bias as measured by the AAT could indicate that the
internal reliability of the measure is questionable. The split-half method was used to quantify the
internal reliability, or consistency, of the AAT bias scores (MedianRTpush−MedianRTpull) at baseline.
We used a permutation-based split-half approach and computed split-half estimates for 10 000
random splits of the correct completion RTs at baseline [66]. The Spearman–Brown-corrected
reliability estimate (ρSP) was 0.67, 95% CI [0.58, 0.75].

Although completion RTs were used for the preregistered analyses, we also ran this analysis for AAT
initiation times to test whether questionable internal consistency was associated with potential motor
demands of completing whole-arm mouse movements. The Spearman–Brown-corrected estimate for
AAT bias scores at baseline based on initiation RTs was in the same range; ρSP = 0.69, 95% CI [0.61,
0.77]. The reliability estimates for bias scores calculated from both completion times and initiation
times were not very high (e.g.≥0.8) and we, therefore, acknowledge that the internal reliability of the
AAT bias scores4 as an outcome measure in ICT studies should be investigated further.
5. Discussion
The primary aim of the study was to investigate whether go/no-go training (GNG) can have an effect on
automatic action tendencies. This research question was based on previous theoretical ground which
links approach bias to response inhibition during ICT tasks, such as the BSI theory and the associative
stop system [29,33,34,38,39]. In line with previous literature, we also measured participants’ food
evaluations and impulsive choices as secondary outcomes and examined contingency learning during
training as a manipulation check.

In this study, we show that the go/no-go training protocol with pre-selected energy-dense foods was
partially effective and its effects on automatic action tendencies require further investigation. Specifically,
contingency learning during training occurred as expected and participants were less likely to choose
foods that were consistently paired with no-go responses compared to control foods, but liking and
approach bias for these foods were not reduced. Exploratory analyses indicated that participants did
not have any approach bias for the foods at baseline, as measured by the AAT, and that the reliability
of the calculated bias scores warrants caution in interpreting the null findings regarding the effects of
training on automatic action tendencies. All findings and their potential explanations are discussed
together with acknowledged limitations of the study design and directions for future research.

As a primary outcome measure, the change in bias scores from pre- to post-training was examined
across training conditions using an AAT. The results from the preregistered analyses showed that
GNG did not have an effect on automatic action tendencies; there was moderate evidence that
approach bias for no-go foods was not reduced relative to control foods after training (H1a) as well as
strong evidence that approach bias for go foods was not increased compared to control foods after
training (H1b). Although such effects may not have been previously investigated, there is empirical
4Here, we only refer to the calculated bias scores (measurement) and not the AAT as an indirect measure of automatic action tendencies
[67].
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evidence to suggest that the AAT may be sensitive enough to capture AAT training-induced changes in
action tendencies5 [69,70]. In order to fully understand these ‘null’ findings, we must first take a closer
look at potential training mechanisms and positive outcomes.

First, the manipulation check for contingency learning during training was successful which indicates
that stimulus–response associations were formed during the GNG paradigm consistent with previous
literature (see [27,60]). There was extreme evidence that GoRTs on correct no-signal trials were reduced
for go foods compared to control foods and that the percentage of correct responses on signal trials
were greater for no-go foods relative to control foods. Further evidence for the efficacy of training
stemmed from our secondary outcome measure. Impulsive food choices were assessed via an adapted
food choice task [25] after training and we found extreme evidence that the probability of choosing a
no-go food was lower than the probability of choosing a control food (H2a). Meanwhile, there was
anecdotal evidence that the probability of choosing a go food was not higher relative to the probability
of choosing a control food (H2b). Studies that have found increased food choices for go food items
employed a different paradigm, namely cued-approach training [26,62] and cannot directly contrast
the finding reported here. From an applied perspective, it should be noted that the training protocol
in this study included only energy-dense foods and future studies could pair healthy foods with go
responses to test whether (and how) training can promote healthier food choices in the laboratory [26,71].

Reduced choices for no-go foods are consistent with previous studies that have used both go/no-go
and stop–signal task paradigms [25,71–73]. For example, Chen et al. [71] showed that following a single
training session, participants were more likely to choose go foods than no-go foods up to one week later.
Importantly, previous research has indicated that training effects on food choice may be mediated by the
devaluation of no-go foods [25], although in this study, there was not conclusive evidence for a no-go
devaluation effect as discussed further below (also see review by Veling et al. [29]).

Recent evidence suggests that training effects may only be reliable for speeded, and not for deliberate,
food choice [26,71], which indicates that demand characteristics would not affect the results in this study
even if a proportion of participants was aware of stimulus–response contingencies after training (i.e. cake
was a no-go food so I will not choose it). Previous research has further shown that memory of stimulus–
response contingencies did not affect food choice outcomes [26]. Although the food choice task in this
study required participants to respond within a time limit, future replications and/or extensions of
these findings could still employ other impulsive choice measures that are less prone to strategic
responding, as, for example, the speeded binary food choice task which involves multiple choice
combinations and stricter time windows (see [74]).

In line with previous studies where go/no-go training led to robust food devaluation effects (e.g.
[23,25,31]), it was expected that the change in the mean tastiness ratings (i.e. food liking) for no-go
foods from pre- to post-training would be reduced compared to the change in ratings for control
foods. Preregistered analyses showed only anecdotal evidence that no-go foods were rated less
positively after training compared to control foods (H3a). Similarly, participants did not show
increased liking for go foods relative to control foods, from pre- to post-training (H3b). The
visualization of liking data hinted at a general devaluation trend for all foods (figure 4), which has
also been observed in previous studies (e.g. [27,33,75]). This could be attributed to the regression to
the mean, but we advocate that the potential of over-exposure effects in ICT protocols that repeatedly
present a limited number of energy-dense foods should be formally addressed in future research.

A potential explanation for the inconclusive evidence regarding stimulus devaluation effects is that
we used a fixed set of energy-dense foods (e.g. pizza, cake, crisps) that may not have been highly
appetitive for many participants6 [33]. Although this is a key assumption of the BSI theory, recent
findings imply that no-go devaluation effects can be observed for low-rated food items [35]. An
important design parameter that we should consider for the devaluation effects in applied ICT studies
is the ‘meaningfulness’ of the stimulus–response pairings, as, for example, when there is consistent
pairing of healthy and unhealthy foods with go and no-go responses, respectively [27,75,76]. In this
study, participants could not attach meaning to the stimulus–response pairings (e.g. approaching an
‘unhealthy’ food is not desirable) as energy-dense foods were presented across all training conditions.
Therefore, as already recommended, future studies could benefit from introducing consistent pairings
of healthy foods with go responses in similar paradigms. It may also be worth investigating whether
5A significant change in approach–avoidance bias scores was not observed in another series of experiments [68].
6Despite the lack of a tailored food selection process (e.g. [33]) the three food sets (control, no-go, go) were approximately matched in
terms of average liking before training, as shown in figure 4.
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actual food liking (rating the flavour of foods in the laboratory) would be a more critical determinant of
training effects as opposed to ratings of expected liking/taste.

Notably, a critical limitation of the present design may be the addition of an AAT before the post-
training liking ratings because it can potentially interfere with the GNG manipulations. As task order
was not counterbalanced across participants, we could assume that the AAT may have counteracted
the consistent stimulus–response mappings of the GNG. For example, approaching no-go foods
during the AAT could result in no-go foods not being associated with 100% inhibition and this could
in turn affect subsequent explicit food evaluations. This warrants further caution for including
behavioural tasks in ICT protocols that tap into potentially similar motor responses and/or
mechanisms (see also [77]).

Although this study provides preliminary evidence that training did not influence automatic action
tendencies, there were several findings from exploratory analyses regarding the AAT bias scores that may
explain the absence of the expected effect and yield methodological considerations for future studies. We
found that overall baseline bias scores did not statistically deviate from zero, which suggests that either
participants in this sample (averagely healthy BMI) did not have any approach bias for the selected foods
in the first place or that the employed variant of the AAT was not sensitive enough to capture both
baseline bias and potential effects of training. An exploratory analysis indicated that the internal
(split-half ) reliability of the AAT bias scores at baseline may be questionable in this context (0.6≤
ρSP < 0.7) and should indeed be investigated further. We should also mention that a total of 50
participants were excluded due to high error rates in the AAT (greater than 25%).

To explore this issue further, we considered that the response modality for the AAT in this study
could have affected the reliability of the bias scores. We found a recent study that employed an AAT
with the same response modality (i.e. computer mouse instead of joystick) and provided measures of
bias for smoking-related stimuli before and after training [78]. In this study, there was evidence for
neither approach bias at baseline nor a change in approach bias after training. The authors reported
‘inadequate’ split-half reliabilities for AAT scores for both smoking-related and smoking-unrelated
stimuli, and when applying the Spearman–Brown correction, their estimates were very similar to the
ones reported here, as, for example, an estimate of 0.63 for smoking-related stimuli. Consistent with
our observations about AAT performance, the authors also reported relatively high error rates
compared to other studies (e.g. 11% at baseline) and indicated that the use of the computer mouse
could have increased measurement error [78]. More research is required to examine the conditions
under which performance in this AAT variant can be improved in terms of accuracy and armmovements.

Another essential consideration for AATs is the variability in methodology in the literature which
suggests that different task parameters may have contributed to the present findings (see Phaf et al.
[79] for meta-analysis). For example, Lender et al. [80] found that the irrelevant feature of the AAT did
not lead to robust approach bias, compared to relevant-feature variants which require participants to
pay attention to the content of the stimuli. It is, therefore, possible that baseline bias in this study was
not captured because many participants were simply categorizing the format of the picture (portrait
or landscape) and did not pay attention to the content of the picture (i.e. specific foods). The use of
the implicit instructions in the AAT could then affect the reliability of the bias scores (also see [81]).

We, therefore, propose that this research question is worth pursuing further in future empirical
studies that address the above methodological considerations. The AAT could be tailored with explicit
instructions that involve judgements on specific food categories or food/non-food stimuli and both
the GNG and AAT tasks could include stimuli that are matched in liking and selected by the
participants. Alternatively, future studies could employ other measures of motivational bias, such as
the relevant stimulus–response compatibility (R-SRC; e.g. see Field et al. [82]). Regarding the specific
GNG protocol in this study, future studies could use tasks that have been shown to produce robust
no-go devaluation effects, such as the paradigm reported in Chen et al. [33].
6. Conclusion
Here, we present the first study to empirically investigate the theoretically proposed effects of go/no-go
training on action tendencies. Training had an effect on participant’s impulsive choices as the probability
of choosing a no-go food was lower than the probability of choosing a control food after training, and
there was conclusive evidence for contingency learning during training. However, there was only
anecdotal evidence for a no-go devaluation effect and evidence for the absence of training effects on
participants’ automatic action tendencies towards trained foods (go and no-go relative to control).
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We believe that the null findings presented here can shed light onto methodological and theoretical
issues that need to be explored further. From a theoretical standpoint, there could be a link between
stimulus devaluation during ICT training and automatic action tendencies. If a tendency to approach
an appetitive food is reduced during go/no-go training in order for response inhibition to be
successful, the approach bias towards food stimuli associated with signal trials could be indirectly
affected by this process. Nevertheless, there are potential methodological limitations regarding the
design of the AAT as an indirect measure of motivational bias in this context that need to be
addressed before drawing any conclusions. The issue of operationalization in this research area may
require more empirical attention as it would be of theoretical and applied interest to know whether
go responses and approach motivation towards foods in the GNG (e.g. see BSI theory; [34]) can be
directly mapped onto automatic action tendencies, as measured by other experimental tasks in the
literature.

On a final note, it is worth mentioning that there are various methodological parameters and
protocols that can be implemented for both ICT and measurement of approach–avoidance bias and
this can pose an important replicability issue. It is recommended that novel findings, irrespective of
statistical significance, are replicated and/or extended in a rigorous and reproducible manner, in an
effort to reduce selective reporting and publication bias in this line of research [83,84]. Similarly, future
research could further explore the role of individual differences in training outcomes and
complementary or underlying mechanisms (approach bias, stimulus devaluation) by measuring
factors such as restrained and external eating (e.g. [21,23,46,85]).

Ethics. This project was led by researchers at Cardiff University and received ethical approval by the Ethics Committee
at the School of Psychology (EC.17.10.10.4995GR). For student participation, the study was further approved by the
Ethics Committees at the University of Bath (17-254GR) and the University of Exeter (eCLESPsy000276). Informed
consent was obtained from all participants.
Data accessibility. All study data and analysis scripts are freely available on the Open Science Framework (https://osf.io/
hz2nb/). The study protocol was preregistered prior to data collection at https://osf.io/wav8p.

The data are provided in electronic supplementary material [86].
Authors’ contributions. L.T. and R.C.A. designed the research, analysed and interpreted the data and drafted and finalized
the manuscript. E.A.H., N.M.H., K.H., N.B., E.M., A.-J.B. and F.C.M. made substantial contributions to the study
design, acquisition and interpretation of data and gave final approval of the manuscript. N.S.L., K.S.B. and C.D.C.
made substantial contributions to the design of the research, analysis and interpretation of the data, manuscript
drafts and final approval of the manuscript. All the authors agree to be accountable for all aspects of the work in
ensuring that questions related to the accuracy or integrity of any part of the work are appropriately investigated
and resolved.
Competing interests. C.D.C. is a member of the Royal Society Open Science editorial board but had no involvement in the
peer review process of this submission. The authors declare no other competing interests.
Funding. The development of this manuscript and related materials by the corresponding author was in part supported
by the Economic and Social Research Council (Postdoctoral Fellowship awarded to L.T.—ES/V011030/1). This
research was further supported by grants held by C.D.C. from the Biotechnology and Biological Sciences Research
Council (BB/K008277/1) and the European Research Council (Consolidator grant 647893 CCT).
Acknowledgements. This research project was conducted as part of the GW4 Undergraduate Psychology Consortium
2017/2018. We gratefully acknowledge Teaching Development Funding, from the faculty of Humanities and Social
Sciences at the University of Bath for funding travel and room hire costs for the consortium meetings.
References

1. World Health Organization. 2018 Obesity and

overweight. See https://www.who.int/news-
room/fact-sheets/detail/obesity-and-overweight
(accessed 24 July 2019).

2. Hofmann W, Friese M, Strack F. 2009 Impulse
and self-control from a dual-systems
perspective. Perspect. Psychol. Sci. 4, 162–176.
(doi:10.1111/j.1745-6924.2009.01116.x)

3. Strack F, Deutsch R. 2004 Reflective and
impulsive determinants of social behavior. Pers.
Soc. Psychol. Rev. 8, 220–247. (doi:10.1207/
s15327957pspr0803_1)

4. Kakoschke N, Kemps E, Tiggemann M. 2017 The
effect of combined avoidance and control
training on implicit food evaluation
and choice. J. Behav. Ther. Exp. Psychiatry
55, 99–105. (doi:10.1016/j.jbtep.2017.
01.002)

5. Hofmann W, Friese M, Wiers RW. 2008
Impulsive versus reflective influences on health
behavior: a theoretical framework and empirical
review. Health Psychol. Rev. 2, 111–137.
(doi:10.1080/17437190802617668)

6. Kakoschke N, Kemps E, Tiggemann M. 2015
Combined effects of cognitive bias for food cues
and poor inhibitory control on unhealthy food
intake. Appetite 87, 358–364. (doi:10.1016/j.
appet.2015.01.004)
7. Jones A, Hardman CA, Lawrence N, Field M.
2018 Cognitive training as a potential treatment
for overweight and obesity: a critical review of
the evidence. Appetite 124, 50–67. (doi:10.
1016/j.appet.2017.05.032)

8. Kakoschke N, Kemps E, Tiggemann M. 2017
Approach bias modification training and
consumption: a review of the literature. Addict.
Behav. 64, 21–28. (doi:10.1016/j.addbeh.2016.
08.007)

9. Allom V, Mullan B, Hagger M. 2016 Does inhibitory
control training improve health behaviour? A
meta-analysis. Health Psychol. Rev. 10, 168–186.
(doi:10.1080/17437199.2015.1051078)

https://osf.io/hz2nb/
https://osf.io/hz2nb/
https://osf.io/hz2nb/
https://osf.io/wav8p
https://osf.io/wav8p
https://www.who.int/news-room/fact-sheets/detail/obesity-and-overweight
https://www.who.int/news-room/fact-sheets/detail/obesity-and-overweight
https://www.who.int/news-room/fact-sheets/detail/obesity-and-overweight
http://dx.doi.org/10.1111/j.1745-6924.2009.01116.x
http://dx.doi.org/10.1207/s15327957pspr0803_1
http://dx.doi.org/10.1207/s15327957pspr0803_1
http://dx.doi.org/10.1016/j.jbtep.2017.01.002
http://dx.doi.org/10.1016/j.jbtep.2017.01.002
http://dx.doi.org/10.1080/17437190802617668
http://dx.doi.org/10.1016/j.appet.2015.01.004
http://dx.doi.org/10.1016/j.appet.2015.01.004
http://dx.doi.org/10.1016/j.appet.2017.05.032
http://dx.doi.org/10.1016/j.appet.2017.05.032
http://dx.doi.org/10.1016/j.addbeh.2016.08.007
http://dx.doi.org/10.1016/j.addbeh.2016.08.007
http://dx.doi.org/10.1080/17437199.2015.1051078


royalsocietypublishing.org/journal/rsos
R.Soc.Open

Sci.8:210666
16

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

16
 M

ay
 2

02
2 
10. Jones A, Di Lemma LCG, Robinson E,
Christiansen P, Nolan S, Tudur-Smith C, Field M.
2016 Inhibitory control training for appetitive
behaviour change: a meta-analytic investigation
of mechanisms of action and moderators of
effectiveness. Appetite 97, 16–28. (doi:10.1016/
j.appet.2015.11.013)

11. Houben K, Nederkoorn C, Jansen A. 2012 Too
tempting to resist? Past success at weight
control rather than dietary restraint determines
exposure-induced disinhibited eating. Appetite
59, 550–555. (doi:10.1016/j.appet.2012.07.004)

12. Guerrieri R, Nederkoorn C, Stankiewicz K,
Alberts H, Geschwind N, Martijn C, Jansen A.
2007 The influence of trait and induced state
impulsivity on food intake in normal-weight
healthy women. Appetite 49, 66–73. (doi:10.
1016/j.appet.2006.11.008)

13. Hall PA. 2012 Executive control resources and
frequency of fatty food consumption: findings
from an age-stratified community sample.
Health Psychol. Off. J. Div. Health Psychol. Am.
Psychol. Assoc. 31, 235–241. (doi:10.1037/
a0025407)

14. Jasinska AJ, Yasuda M, Burant CF, Gregor N,
Khatri S, Sweet M, Falk EB. 2012 Impulsivity
and inhibitory control deficits are associated
with unhealthy eating in young adults. Appetite
59, 738–747. (doi:10.1016/j.appet.2012.08.001)

15. Nederkoorn C, Houben K, Hofmann W, Roefs A,
Jansen A. 2010 Control yourself or just eat what
you like? Weight gain over a year is predicted
by an interactive effect of response inhibition
and implicit preference for snack foods. Health
Psychol. Off. J. Div. Health Psychol. Am. Psychol.
Assoc. 29, 389–393. (doi:10.1037/a0019921)

16. Donders FC. 1969 On the speed of mental
processes. Acta Psychol. (Amst.) 30, 412–431.
(doi:10.1016/0001-6918(69)90065-1)

17. Newman JP, Kosson DS. 1986 Passive avoidance
learning in psychopathic and nonpsychopathic
offenders. J. Abnorm. Psychol. 95, 252–256.
(doi:10.1037/0021-843x.95.3.252)

18. Lappin JS, Eriksen CW. 1966 Use of a delayed
signal to stop a visual reaction-time response.
J. Exp. Psychol. 72, 805–811. (doi:10.1037/
h0021266)

19. Logan GD, Cowan WB, Davis KA. 1984 On the
ability to inhibit simple and choice reaction
time responses: a model and a method. J. Exp.
Psychol. Hum. Percept. Perform. 10, 276–291.
(doi:10.1037/0096-1523.10.2.276)

20. Adams RC, Lawrence NS, Verbruggen F,
Chambers CD. 2017 Training response inhibition
to reduce food consumption: mechanisms,
stimulus specificity and appropriate training
protocols. Appetite 109, 11–23. (doi:10.1016/j.
appet.2016.11.014)

21. Houben K, Jansen A. 2011 Training inhibitory
control: a recipe for resisting sweet temptations.
Appetite 56, 345–349. (doi:10.1016/j.appet.
2010.12.017)

22. Houben K, Jansen A. 2015 Chocolate equals
stop: chocolate-specific inhibition training
reduces chocolate intake and go associations
with chocolate. Appetite 87, 318–323. (doi:10.
1016/j.appet.2015.01.005)

23. Lawrence NS, Verbruggen F, Morrison S, Adams
RC, Chambers CD. 2015 Stopping to food can
reduce intake: effects of stimulus-specificity and
individual differences in dietary restraint.
Appetite 85, 91–103. (doi:10.1016/j.appet.2014.
11.006)

24. Veling H, Aarts H, Papies EK. 2011 Using stop
signals to inhibit chronic dieters’ responses
toward palatable foods. Behav. Res. Ther. 49,
771–780. (doi:10.1016/j.brat.2011.08.005)

25. Veling H, Aarts H, Stroebe W. 2013 Stop signals
decrease choices for palatable foods through
decreased food evaluation. Front. Psychol. 4,
1–7. (doi:10.3389/fpsyg.2013.00875)

26. Veling H, Chen Z, Tombrock MC, Verpaalen IaM,
Schmitz LI, Dijksterhuis A, Holland RW. 2017
Training impulsive choices for healthy and
sustainable food. J. Exp. Psychol. Appl. 23,
1–14. (doi:10.1037/xap0000112)

27. Lawrence NS, O’Sullivan J, Parslow D, Javaid M,
Adams RC, Chambers CD, Kos K, Verbruggen F.
2015 Training response inhibition to food is
associated with weight loss and reduced energy
intake. Appetite 95, 17–28. (doi:10.1016/j.
appet.2015.06.009)

28. Veling H, van Koningsbruggen GM, Aarts H,
Stroebe W. 2014 Targeting impulsive processes
of eating behavior via the internet: effects on
body weight. Appetite 78, 102–109. (doi:10.
1016/j.appet.2014.03.014)

29. Veling H, Lawrence NS, Chen Z, van
Koningsbruggen GM, Holland RW. 2017 What is
trained during food go/no-go training? A review
focusing on mechanisms and a research agenda.
Curr. Addict. Rep. 4, 35–41. (doi:10.1007/
s40429-017-0131-5)

30. Verbruggen F, Logan GD. 2008 Automatic and
controlled response inhibition: associative
learning in the go/no-go and stop-signal
paradigms. J. Exp. Psychol. Gen. 137, 649–672.
(doi:10.1037/a0013170)

31. Stice E, Lawrence NS, Kemps E, Veling H. 2016
Training motor responses to food: a novel
treatment for obesity targeting implicit
processes. Clin. Psychol. Rev. 49, 16–27. (doi:10.
1016/j.cpr.2016.06.005)

32. Berridge KC, Ho C-Y, Richard JM, DiFeliceantonio
AG. 2010 The tempted brain eats: pleasure and
desire circuits in obesity and eating disorders.
Brain Res. 1350, 43–64. (doi:10.1016/j.brainres.
2010.04.003)

33. Chen Z, Veling H, Dijksterhuis A, Holland RW.
2016 How does not responding to appetitive
stimuli cause devaluation: evaluative
conditioning or response inhibition? J. Exp.
Psychol. Gen. 145, 1687–1701. (doi:10.1037/
xge0000236)

34. Veling H, Holland RW, van Knippenberg A. 2008
When approach motivation and behavioral
inhibition collide: behavior regulation through
stimulus devaluation. J. Exp. Soc. Psychol. 44,
1013–1019. (doi:10.1016/j.jesp.2008.03.004)

35. Chen Z, Veling H, Dijksterhuis A, Holland RW.
2018 Do impulsive individuals benefit more
from food go/no-go training? Testing the role of
inhibition capacity in the no-go devaluation
effect. Appetite 124, 99–110. (doi:10.1016/j.
appet.2017.04.024)

36. Chen Z, Veling H, de Vries SP, Bijvank BO,
Janssen IMC, Dijksterhuis A, Holland RW. 2018
Go/no-go training changes food evaluation in
both morbidly obese and normal-weight
individuals. J. Consult. Clin. Psychol. 86,
980–990. (doi:10.1037/ccp0000320)

37. Dickinson A, Boakes RA. 2014 Mechanisms of
learning and motivation: a memorial volume to
Jerzy Konorski. New York, NY: Psychology Press.

38. McLaren IPL, Verbruggen F. 2016 Association,
inhibition, and action. In The Wiley handbook
on the cognitive neuroscience of learning (eds
RA Murphy, RC Honey), pp. 489–514.
Chichester, UK: John Wiley & Sons, Ltd.

39. Verbruggen F, Best M, Bowditch WA, Stevens T,
McLaren IPL. 2014 The inhibitory control reflex.
Neuropsychologia 65, 263–278. (doi:10.1016/j.
neuropsychologia.2014.08.014)

40. Dickinson A, Balleine B. 2002 The role of
learning in the operation of motivational
systems. In Stevens’ handbook of experimental
psychology: learning, motivation, and emotion
(eds H Pashler, R Gallistel), pp. 497–533.
Hoboken, NJ: John Wiley & Sons Inc.

41. Guitart-Masip M, Huys QJM, Fuentemilla L,
Dayan P, Duzel E, Dolan RJ. 2012 Go and
no-go learning in reward and punishment:
interactions between affect and effect.
Neuroimage 62, 154–166. (doi:10.1016/j.
neuroimage.2012.04.024)

42. Stevens T, Brevers D, Chambers CD, Lavric A,
McLaren IPL, Mertens M, Noël X, Verbruggen F.
2015 How does response inhibition influence
decision making when gambling? J. Exp.
Psychol. Appl. 21, 15–36. (doi:10.1037/
xap0000039)

43. Rinck M, Becker ES. 2007 Approach and
avoidance in fear of spiders. J. Behav. Ther. Exp.
Psychiatry 38, 105–120. (doi:10.1016/j.jbtep.
2006.10.001)

44. Wiers RW, Rinck M, Dictus M, Van Den
Wildenberg E. 2009 Relatively strong automatic
appetitive action-tendencies in male carriers of
the OPRM1 G-allele. Genes Brain Behav. 8,
101–106. (doi:10.1111/j.1601-183X.2008.00454.
x)

45. Wiers CE, Kühn S, Javadi AH, Korucuoglu O,
Wiers RW, Walter H, Gallinat J, Bermpohl F.
2013 Automatic approach bias towards smoking
cues is present in smokers but not in ex-
smokers. Psychopharmacology (Berl) 229,
187–197. (doi:10.1007/s00213-013-3098-5)

46. Brignell C, Griffiths T, Bradley BP, Mogg K. 2009
Attentional and approach biases for pictorial
food cues: influence of external eating. Appetite
52, 299–306. (doi:10.1016/j.appet.2008.10.007)

47. Kemps E, Tiggemann M. 2015 Approach bias for
food cues in obese individuals. Psychol. Health
30, 370–380. (doi:10.1080/08870446.2014.
974605)

48. Kemps E, Tiggemann M, Martin R, Elliott M.
2013 Implicit approach–avoidance associations
for craved food cues. J. Exp. Psychol. Appl. 19,
30–38. (doi:10.1037/a0031626)

49. Veenstra EM, de Jong PJ. 2010 Restrained eaters
show enhanced automatic approach tendencies
towards food. Appetite 55, 30–36. (doi:10.
1016/j.appet.2010.03.007)

50. Mogg K, Bradley BP, O’Neill B, Bani M, Merlo-
Pich E, Koch A, Bullmore ET, Nathan PJ. 2012
Effect of dopamine D3 receptor antagonism on
approach responses to food cues in overweight

http://dx.doi.org/10.1016/j.appet.2015.11.013
http://dx.doi.org/10.1016/j.appet.2015.11.013
http://dx.doi.org/10.1016/j.appet.2012.07.004
http://dx.doi.org/10.1016/j.appet.2006.11.008
http://dx.doi.org/10.1016/j.appet.2006.11.008
http://dx.doi.org/10.1037/a0025407
http://dx.doi.org/10.1037/a0025407
http://dx.doi.org/10.1016/j.appet.2012.08.001
http://dx.doi.org/10.1037/a0019921
http://dx.doi.org/10.1016/0001-6918(69)90065-1
http://dx.doi.org/10.1037/0021-843x.95.3.252
http://dx.doi.org/10.1037/h0021266
http://dx.doi.org/10.1037/h0021266
http://dx.doi.org/10.1037/0096-1523.10.2.276
http://dx.doi.org/10.1016/j.appet.2016.11.014
http://dx.doi.org/10.1016/j.appet.2016.11.014
http://dx.doi.org/10.1016/j.appet.2010.12.017
http://dx.doi.org/10.1016/j.appet.2010.12.017
http://dx.doi.org/10.1016/j.appet.2015.01.005
http://dx.doi.org/10.1016/j.appet.2015.01.005
http://dx.doi.org/10.1016/j.appet.2014.11.006
http://dx.doi.org/10.1016/j.appet.2014.11.006
http://dx.doi.org/10.1016/j.brat.2011.08.005
http://dx.doi.org/10.3389/fpsyg.2013.00875
http://dx.doi.org/10.1037/xap0000112
http://dx.doi.org/10.1016/j.appet.2015.06.009
http://dx.doi.org/10.1016/j.appet.2015.06.009
http://dx.doi.org/10.1016/j.appet.2014.03.014
http://dx.doi.org/10.1016/j.appet.2014.03.014
http://dx.doi.org/10.1007/s40429-017-0131-5
http://dx.doi.org/10.1007/s40429-017-0131-5
http://dx.doi.org/10.1037/a0013170
http://dx.doi.org/10.1016/j.cpr.2016.06.005
http://dx.doi.org/10.1016/j.cpr.2016.06.005
http://dx.doi.org/10.1016/j.brainres.2010.04.003
http://dx.doi.org/10.1016/j.brainres.2010.04.003
http://dx.doi.org/10.1037/xge0000236
http://dx.doi.org/10.1037/xge0000236
http://dx.doi.org/10.1016/j.jesp.2008.03.004
http://dx.doi.org/10.1016/j.appet.2017.04.024
http://dx.doi.org/10.1016/j.appet.2017.04.024
http://dx.doi.org/10.1037/ccp0000320
http://dx.doi.org/10.1016/j.neuropsychologia.2014.08.014
http://dx.doi.org/10.1016/j.neuropsychologia.2014.08.014
http://dx.doi.org/10.1016/j.neuroimage.2012.04.024
http://dx.doi.org/10.1016/j.neuroimage.2012.04.024
http://dx.doi.org/10.1037/xap0000039
http://dx.doi.org/10.1037/xap0000039
http://dx.doi.org/10.1016/j.jbtep.2006.10.001
http://dx.doi.org/10.1016/j.jbtep.2006.10.001
http://dx.doi.org/10.1111/j.1601-183X.2008.00454.x
http://dx.doi.org/10.1111/j.1601-183X.2008.00454.x
http://dx.doi.org/10.1007/s00213-013-3098-5
http://dx.doi.org/10.1016/j.appet.2008.10.007
http://dx.doi.org/10.1080/08870446.2014.974605
http://dx.doi.org/10.1080/08870446.2014.974605
http://dx.doi.org/10.1037/a0031626
http://dx.doi.org/10.1016/j.appet.2010.03.007
http://dx.doi.org/10.1016/j.appet.2010.03.007


royalsocietypublishing.org/journal/rsos
R.Soc.Open

Sci.8:210666
17

 D
ow

nl
oa

de
d 

fr
om

 h
ttp

s:
//r

oy
al

so
ci

et
yp

ub
lis

hi
ng

.o
rg

/ o
n 

16
 M

ay
 2

02
2 
and obese individuals. Behav. Pharmacol. 23,
603–608. (doi:10.1097/FBP.0b013e3283566a4a)

51. Brockmeyer T, Hahn C, Reetz C, Schmidt U,
Friederich HC. 2015 Approach bias and cue
reactivity towards food in people with high
versus low levels of food craving. Appetite 95,
197–202. (doi:10.1016/j.appet.2015.07.013)

52. Brockmeyer T, Hahn C, Reetz C, Schmidt U,
Friederich HC. 2015 Approach bias modification
in food craving—a proof-of-concept study. Eur.
Eat. Disord. Rev. 23, 352–360. (doi:10.1002/erv.
2382)

53. Button KS, Chambers CD, Lawrence N, Munafò
MR. 2019 Grassroots training for reproducible
science: a consortium-based approach to the
empirical dissertation. Psychol. Learn. Teach.
147572571985765. (doi:10.1177/
1475725719857659)

54. Faul F, Erdfelder E, Buchner A, Lang A-G. 2009
Statistical power analyses using G�Power 3.1:
tests for correlation and regression analyses.
Behav. Res. Methods 41, 1149–1160. (doi:10.
3758/BRM.41.4.1149)

55. Benjamin DJ et al. 2017 Redefine statistical
significance. Nat. Hum. Behav. 6, 6–10. (doi:10.
1038/s41562-017-0189-z)

56. Millisecond Software L. 2017 Inquisit 5
[Computer Software].

57. Neumann R, Strack F. 2000 Approach and
avoidance: the influence of proprioceptive and
exteroceptive cues on encoding of affective
information. J. Pers. Soc. Psychol. 79, 39–48.
(doi:10.1037//0022-3514.79.1.39)

58. Rogers PJ, Hardman CA. 2015 Food reward:
what it is and how to measure it. Appetite 90,
1–15. (doi:10.1016/j.appet.2015.02.032)

59. Wiers RW, Rinck M, Kordts R, Houben K, Strack
F. 2010 Retraining automatic action-tendencies
to approach alcohol in hazardous drinkers.
Addiction 105, 279–287. (doi:10.1111/j.1360-
0443.2009.02775.x)

60. R Core Team. 2017 R: a language and
environment for statistical computing. Vienna,
Austria: R Foundation for Statistical Computing.
See https://www.R-project.org.

61. RStudio Team. 2016 RStudio: integrated
development environment for R. Boston, MA:
RStudio, Inc. See http://www.rstudio.com.

62. JASP Team. 2018 JASP. See https://jasp-stats.
org.

63. Lee MD, Wagenmakers E-J. 2013 Bayesian
cognitive modeling: a practical course.
Cambridge, UK: Cambridge University Press.
64. Allen M, Poggiali D, Whitaker K, Marshall TR,
Kievit RA. 2019 Raincloud plots: a multi-
platform tool for robust data visualization
[version 1; peer review: 2 approved]. Wellcome
Open Res. 4, 63. (doi:10.12688/
wellcomeopenres.15191.1)

65. Allen M, Poggiali D, Whitaker K, Marshall T,
Kievit R. 2018 RainCloudPlots tutorials and
codebase. Zenodo. (doi:10.5281/zenodo.
1402959)

66. Parsons S. 2019 splithalf: robust estimates of
split half reliability. J. Open Source Softw.
(doi:10.21105.joss.03041)

67. Parsons S, Kruijt A-W, Fox E. 2019 Psychological
science needs a standard practice of reporting
the reliability of cognitive-behavioral
measurements. Adv. Methods Pract. Psychol. Sci.
2, 378–395. (doi:10.1177/2515245919879695)

68. Becker D, Jostmann NB, Wiers RW, Holland RW.
2015 Approach avoidance training in the eating
domain: testing the effectiveness across three
single session studies. Appetite 85, 58–65.
(doi:10.1016/j.appet.2014.11.017)

69. Dickson H, Kavanagh DJ, MacLeod C. 2016 The
pulling power of chocolate: effects of approach-
avoidance training on approach bias and
consumption. Appetite 99, 46–51. (doi:10.1016/
j.appet.2015.12.026)

70. Schumacher SE, Kemps E, Tiggemann M. 2016
Bias modification training can alter approach
bias and chocolate consumption. Appetite 96,
219–224. (doi:10.1016/j.appet.2015.09.014)

71. Chen Z, Holland RW, Quandt J, Dijksterhuis A,
Veling H. 2019 When mere action versus
inaction leads to robust preference change.
J. Pers. Soc. Psychol. 117, 721–740. (doi:10.
1037/pspa0000158)

72. Veling H, Aarts H, Stroebe W. 2013 Using stop
signals to reduce impulsive choices for palatable
unhealthy foods. Br. J. Health Psychol. 18,
354–368. (doi:10.1111/j.2044-8287.2012.02092.x)

73. Porter L et al. 2018 From cookies to carrots; the
effect of inhibitory control training on children’s
snack selections. Appetite 124, 111–123.
(doi:10.1016/j.appet.2017.05.010)

74. Zoltak MJ, Veling H, Chen Z, Holland RW. 2018
Attention! Can choices for low value food over
high value food be trained? Appetite 124,
124–132. (doi:10.1016/j.appet.2017.06.010)

75. Camp B, Lawrence NS. 2019 Giving pork the
chop: response inhibition training to reduce
meat intake. Appetite 141, 104315. (doi:10.
1016/j.appet.2019.06.007)
76. Serfas BG, Florack A, Büttner OB, Voegeding T.
2017 What does it take for sour grapes to
remain sour? Persistent effects of behavioral
inhibition in go/no-go tasks on the evaluation
of appetitive stimuli. Motiv. Sci. 3, 1–18.
(doi:10.1037/mot0000051)

77. Veling H, Verpaalen IAM, Liu H, Mosannenzadeh
F, Becker D, Holland RW. 2021 How can food
choice best be trained? Approach-avoidance
versus go/no-go training. Appetite 163, 105226.
(doi:10.1016/j.appet.2021.105226)

78. Wittekind CE, Reibert E, Takano K, Ehring T,
Pogarell O, Rüther T. 2019 Approach-avoidance
modification as an add-on in smoking cessation:
a randomized-controlled study. Behav. Res. Ther.
114, 35–43. (doi:10.1016/j.brat.2018 .12.004)

79. Phaf RH, Mohr SE, Rotteveel M, Wicherts JM.
2014 Approach, avoidance, and affect: a meta-
analysis of approach-avoidance tendencies in
manual reaction time tasks. Front. Psychol. 5,
1–16. (doi:10.3389/fpsyg.2014.00378)

80. Lender A, Meule A, Rinck M, Brockmeyer T,
Blechert J. 2018 Measurement of food-related
approach–avoidance biases: larger biases when
food stimuli are task relevant. Appetite 125,
42–47. (doi:10.1016/j.appet.2018.01.032)

81. Kersbergen I, Woud ML, Field M. 2015 The
validity of different measures of automatic
alcohol action tendencies. Psychol. Addict.
Behav. 29, 225–230. (doi:10.1037/adb0000009)

82. Field M, Caren R, Fernie G, De Houwer J. 2011
Alcohol approach tendencies in heavy drinkers:
comparison of effects in a relevant stimulus-
response compatibility task and an approach/
avoidance Simon task. Psychol. Addict. Behav.
25, 697–701. (doi:10.1037/a0023285)

83. Aulbach MB, Knittle K, Haukkala A. 2019 Implicit
process interventions in eating behaviour: a
meta-analysis examining mediators and
moderators. Health Psychol. Rev. 13, 179–208.
(doi:10.1080/17437199.2019.1571933)

84. Carbine KA, Larson MJ. 2019 Quantifying the
presence of evidential value and selective reporting
in food-related inhibitory control training: a p-curve
analysis. Health Psychol. Rev. 13, 318–343. (doi:10.
1080/17437199.2019.1622144)

85. Woodward HE, Treat TA. 2015 Unhealthy how?
Implicit and explicit affective evaluations of
different types of unhealthy foods. Eat. Behav.
17, 27–32. (doi:10.1016/j.eatbeh.2014.12.011)

86. Tzavella L et al. 2021 Effects of go/no-go
training on food-related action tendencies,
liking and choice. FigShare.

http://dx.doi.org/10.1097/FBP.0b013e3283566a4a
http://dx.doi.org/10.1016/j.appet.2015.07.013
http://dx.doi.org/10.1002/erv.2382
http://dx.doi.org/10.1002/erv.2382
http://dx.doi.org/10.1177/1475725719857659
http://dx.doi.org/10.1177/1475725719857659
http://dx.doi.org/10.3758/BRM.41.4.1149
http://dx.doi.org/10.3758/BRM.41.4.1149
http://dx.doi.org/10.1038/s41562-017-0189-z
http://dx.doi.org/10.1038/s41562-017-0189-z
http://dx.doi.org/10.1037//0022-3514.79.1.39
http://dx.doi.org/10.1037//0022-3514.79.1.39
http://dx.doi.org/10.1016/j.appet.2015.02.032
http://dx.doi.org/10.1111/j.1360-0443.2009.02775.x
http://dx.doi.org/10.1111/j.1360-0443.2009.02775.x
https://www.R-project.org
https://www.R-project.org
http://www.rstudio.com
http://www.rstudio.com
https://jasp-stats.org
https://jasp-stats.org
https://jasp-stats.org
http://dx.doi.org/10.12688/wellcomeopenres.15191.1
http://dx.doi.org/10.12688/wellcomeopenres.15191.1
http://dx.doi.org/doi:10.5281/zenodo.1402959
http://dx.doi.org/doi:10.5281/zenodo.1402959
http://dx.doi.org/10.21105.joss.03041
http://dx.doi.org/10.1177/2515245919879695
http://dx.doi.org/10.1016/j.appet.2014.11.017
http://dx.doi.org/10.1016/j.appet.2015.12.026
http://dx.doi.org/10.1016/j.appet.2015.12.026
http://dx.doi.org/10.1016/j.appet.2015.09.014
http://dx.doi.org/10.1037/pspa0000158
http://dx.doi.org/10.1037/pspa0000158
http://dx.doi.org/10.1111/j.2044-8287.2012.02092.x
http://dx.doi.org/10.1016/j.appet.2017.05.010
http://dx.doi.org/10.1016/j.appet.2017.06.010
http://dx.doi.org/10.1016/j.appet.2019.06.007
http://dx.doi.org/10.1016/j.appet.2019.06.007
http://dx.doi.org/10.1037/mot0000051
http://dx.doi.org/10.1016/j.appet.2021.105226
http://dx.doi.org/10.1016/j.brat.2018 .12.004
http://dx.doi.org/10.3389/fpsyg.2014.00378
http://dx.doi.org/10.1016/j.appet.2018.01.032
http://dx.doi.org/10.1037/adb0000009
http://dx.doi.org/10.1037/a0023285
http://dx.doi.org/10.1080/17437199.2019.1571933
http://dx.doi.org/10.1080/17437199.2019.1622144
http://dx.doi.org/10.1080/17437199.2019.1622144
http://dx.doi.org/10.1016/j.eatbeh.2014.12.011

	Effects of go/no-go training on food-related action tendencies, liking and choice
	Introduction
	Material and methods
	Participants
	Sampling plan
	Procedure
	Go/no-go training
	Approach–avoidance task
	Food liking ratings
	Food choice task
	Survey and questionnaires

	Analyses
	Measures and indices
	Preregistered analyses
	Deviations from preregistration

	Results
	Sample characteristics
	Findings from confirmatory analyses
	Training effects on automatic action tendencies
	Training effects on impulsive food choices
	Training effects on food liking
	Contingency learning during training

	Findings from exploratory analyses
	Baseline approach bias scores
	Reliability of bias scores


	Discussion
	Conclusion
	Ethics
	Data accessibility
	Authors' contributions
	Competing interests
	Funding
	Acknowledgements
	References


